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Abstract
Trading off the enhancement of regulatory powers against intensifying digital technological innovation is a prototypical wicked problem. Being optimistic means hoping a good solution will increase the chances regardless of how rare that is. Being pessimistic means believing there is no point to finding a good solution because customarily bad outcomes happen regardless. Pragmatism accepts that the outcome isn’t controllable, but the process is, so getting that right is what should count. First, the process of making consequential policy decisions based on trade-offs is typically done by teams, so a method for structuring group decisions to achieve a consensus is needed. Second, individual preferences will vary for how to solve a trade-off because each group member differs according to their own tolerance for risk. Given these factors, along with the realities of coordination problems and understanding what red tap cutting really means, we can better understand the context in which trade-offs are made. The vehicle for solving complex policy dilemmas involves systematically applying decision support tools (Multi-criteria decision-analysis (MCDA); Multi-objective optimisation (MOO)) that integrate different expressions of principles of restraint (precautionary principle) or liberation (principle of innovation), or in other words, diversity in tolerances of risk.  












Analysing outcomes to judge the success of a policy decision is a fool’s errand
Knowing that good outcomes are rare, the optimist’s belief is that regardless, if the right decision is made, then this increases the chances of a good thing happening. We can imagine this applying to striking the right balance between ensuring enough risks are mitigated against energising technological innovation. Some researchers would argue that this isn’t even naively optimistic because successful trade-offs between risks and digital innovation have brought about actual benefits to a number of sectors (e.g., automating banking (Kothandapani, 2024), biotechnology (Malla & Brewin, 2019; Reiss, 2001), cloud computing (Vethachalam, 2024), robotics – (Bilal et al., 2025; Lamberty& Nevers, 2022)). But the very same examples have been analysed in ways that are illustrative of adverse outcomes (e.g., Borgogno & Colangelo, 2020; Kuzma, 2018; Pol, 2020). Here researchers can defend their recourse to pessimism because history reliably shows that with every good will in the world, regardless of how good the solution is, bad outcomes are par for the course. In fact, at best, good solutions really only help to avoid making things worse (McConnell, 2015; Roberge et al., 2025). Awkwardly this means that a good solution might mean employing a precautionary principle (e.g., Hemphill, 2020). This would weight risk over opportunities from digital innovation, but analysis of the approach can just as often show it to be right as well as wrong. By the same token, prohibiting regulatory creep so that digital technologies are untrammelled can look like a champion for the principle of innovation (e.g., Mthanti & Ojah, 2017) as well as an example to pillory it.
Why is there a problem in making causal attributions between solutions to trade-offs and their outcomes? At least one reason is that the increasing complexity of system dynamics at scale means that it is impossible to know for certain that a given solution is the cause of any prosperous outcome (e.g., Jadeja et al., 2025; Meder et al., 2013; Schünemann et al., 2024). Because these are examples of solving wicked problems that are characteristically persistent over time, no one solution will ever reliably achieve a tenacious or universally good outcome (Head, 2022). Understanding the causal relationship between the policy and the intended outcomes can also depend on the temporal window for assessing the outcomes (e.g. Cairney & Zahariadis, 2025). In short, one can either game the analysis or incidentally bias it depending on the aperture selected. Choose too narrowly and you can show an immediate positive causal relationship or choose a wide enough one and the soured fruits of one’s labour are observed (Osman et al., 2020). Cherry picking isn’t restricted to when to assess the outcome, but also which metrics you use. Being motivated enough, the metrics can be conveniently decided upon after the fact to attribute unintended positive outcomes as products of design rather than accident (Fougère & Jacquemet, 2021). 
The wealth of work in the field of public policymaking provides good theoretical and empirical ground for shifting the unit of analysis away from the outcomes of a policy to examining the processes of policy decision-making itself (e.g. Kuenzler et al., 2025; Trafimow et al., 2024). Thus, in response to the target article, outcomes are noisy units of analysis when examining which principles (precautionary, innovation) should be used to trade-off enhancing risk regulation against unlocking technological innovation. The next thing to consider is what actions follow from trade-offs, and that also means appreciating the expanding roles and responsibilities of those carrying out the actions.
Sisyphean paradox of red tape cutting, and whose responsibility is it anyway?
Auditing primary and secondary legislation is a start to finding efficiencies and reducing the public purse. Predictably this is followed by an exercise in cutting red tape (e.g. UK Government, 2025). First, we can understand red tape as referring to statutory instruments, statutory rules and orders that makes no contribution to achieving their functional objectives (Bozeman, 2012), more recently referred to as sludge (Sunstein, 2021). Second, in the spirit of fairness, we should correct a stereotype, because private sector organisations are just as much the culprits of excesses of red tape as public institutions (Pandey & Kingsley, 2000). Third, adding to the pile of primary and secondary legislation is not, in and of itself, a problem or a reason for red tape cutting if their objectives are clear, they don’t conflict with each other, and enforcement is proportionate (e.g. Robinson, 1988; Trafimow et al., 2024; Van Dijck & Steen, 2023). Forth, when framed as slashing red tape for revolutionising innovation, removing burdens on industry, or unlocking breakthroughs, subtext can be read as desperation, naivete and a reckless disregard for unjustifiable exposure to new risks (e.g., Augar, 2009). But this worry can be tempered depending on which historical examples are examined along with the temporal window and the outcome measures chosen. Cutting red tape presents business-as-usual prevailing just as often as the harbinger of disastrous consequences (Brewer & Walker, 2010; Voermans, 2008). Finally, there are two forces at play for a pragmatic outlook that Voermans (2008) calls the Sisyphean paradox. The law of diminishing returns from having to compromise on the actual execution of red tape cutting, and the cyclical nature of constantly manufacturing regulation that produces red tape, and the parallel need to reduce this when the potential for innovation is recognised (Voermans, 2008).
[bookmark: _Int_J21cA7A4]One can argue that the demands for regular auditing of policies and regulations and aligning them properly is needed more than ever because of the expansion of the risk landscape. Take for example the applications that AI affords that reveal a host of new hazards, hybridized hazards, hybridized vulnerabilities, new harms, and hybridized harms which are collectively referred to as AI risk (e.g. Kaminski, 2023). For the UK civil service AI risk adds immense pressures on its archaic 1850’s structure (Horton, 2006), though the same has been said of the United States federal civil service (Pahlka, 2023). One reason for this is that AI risk cannot be siloed into a single governmental department or regulator to manage. In fact we see more situations where a policy is held by a government department but enforced by a satellite of regulators, in turn creating pathologies (Mueller, 2020) that derail the effectiveness of any public policy (e.g. Crosby, 1996; Mueller, 2020; Robinson, 1998). Why does this all matters? Apply these conditions to promoting technological developments from AI innovation and what we end up with is multipliable coordination problems (e.g., Aoki et al., 2024; Bouckaert et al., 2022; Mueller, 2020; Pahlka, 2023). Synchronising the responsibilities in supporting digital innovation while at the same time managing AI risk inevitably breaks down through shared responsibilities across a labyrinthine network of governmental departments, non-ministerial departments, executive agencies, executive non-departmental public bodies, advisory non-departmental public bodies, and public corporations. 
Drawing together the points made here we can at least be realistic about the backdrop of any decision-making process in a given public policy organisation. Also the context that forces solving the trade-off may be better understood as a stage in the cycle of being saved from undue risks through more protections, then cutting them back to make our future lives better. So where does this leave us? What we can do is propose and analyses decisions based on the methods that are employed, and this is where scientific pragmatism plays its hand. Scientism enables an analysis of the decisions themselves on the grounds of replicability, transparency, and explainability, and pragmatism comes from accepting the pathological nature of public policy making.
Methodologies for systematically incorporating different tolerances of risk 
To understand why risk tolerance is important, we need to separate the actions (auditing secondary legislation, strengthening regulatory powers, cutting red tape) from the decision-making process (trading off risk against innovation) and the overall objective (stimulating growth). A group of decision-makers may all agree with the overall objective which is to stimulate the economy. However, the group members will vary according to how much risk is worth taking given the different technological innovations on the table identified for increasing productivity to kickstart the economy. 
Each group member will have intuitively done their own internal analysis by weighing up the utility against the risk which constitutes their individual tolerance for risk (Osman, 2024). In fact, individual risk tolerances can be alternatively described as following one of the principles discussed in the target perspective article (e.g. precautionary, anti-cautionary, innovation). Some of the group will have low-risk tolerance justified on grounds of there being limited available evidence and knowledge (precautionary principle) (e.g. Hemphill, 2020). Those showing high-risk tolerance may justify this because the potential gains will outweigh the overall forecasted costs (anti-cautionary principle) (Aven, 2019). Or for different reasons there is high-risk tolerance because in general some view that utility should outweigh the costs when it comes to innovation (innovation principle) (e.g. Mthanti & Ojah, 2017). 
We can expect that each group member will have some representation of the policy problem that is influenced by their own risk tolerance. The argument proposed here is that diversity of this kind can improve the overall quality of group decision-making. It is necessary for group decisions to proceed via individuals taking different positions and working to persuade one another by sharing their information and views — ‘diverse decision-making’. This helps to manage uncertainty by facilitating the consideration of the problem from a range of perspectives and values. However, diversity of this kind inevitably leads to disagreement, two pitfalls emerge when the decision-making process isn’t managed to facilitate discussion appropriately, acrimony on one extreme and conformity on the other. The aim is to make clear that there are ways to make disagreement a virtue (functional) rather than a vice (dysfunctional) by capturing differences in risk tolerance in a formal way and systematising the group decision-making process for making a high-quality consensus decision. 
Multicriteria decision making analysis (Montibeller & Franco, 2010; Zopounidis& Doumpos, 2002) is a method that enables the assignment of weights to criteria to support a systematic evaluation of options. For instance, the options could be which regulatory actions to take to facilitate the production and adoption of autonomous vehicles. The actions could involve auditing existing regulations first, either with a view to revising, removing or designing new regulations. Several criteria (e.g. ethical factors, economic factors, social factors, community factors), along with how they are weighted are incorporated into an MCDA decision-support tool (e.g. Dubljevic et al., 2021). The decision-support tool can then be used by group members to identify and qualify the basis on which difference in tolerances of risk that lead to disagreement (UK Government, 2024). This type of approach works best in situations where the criteria are discrete and can be ordered.
A different approach is needed when the means of evaluating the options involves continuous variables (e.g. forecasted growth over time), and this is where multi-objective optimisation comes into its own. To go back to our example, the objective of the group is to stimulate the economy, but this can be decomposed into two potentially conflicting objectives that need to be met at the same time (e.g. promoting innovation, reducing risks). Multi-objective optimisation (MOO) along with the decision-support tools that are employed in collaborative decision-making situations. It has been specifically designed to handle decision problems of the kind described, which essentially require performing multiple trade-offs simultaneously (Deb, Sindhya, & Hakanen, 2016; Miettinen, 1999). In the case of stimulating the economy by facilitating the autonomous vehicle market entering the UK, the decision-makers may have to contend with trading off safety concerns against economic productivity, decarbonisation and vehicle performance, or ethicality against market competitiveness (e.g. Sotiriou & Zachariadis, 2021; Tong et al., 2025). In the same way as with MCDA, the different risk tolerances of the group members can be captured, this time as a continuous variable. This can be integrated along with other variables. MOO sources the best possible solution (e.g. regulatory action) to a problem (e.g. stimulate the economy) from the multiple conflicting goals it is presented (e.g. ethicality against market competitiveness). 
Unfathomable Conclusion
The origins of MOO can be dated to shortly after the formation of the UK civil service for the purposes of solving economic policy decisions (Edgeworth, 1881). MCDA goes back even further (Frankin, 1772), or if one wants to start the clock at its formal version (Pareto, 1896-1897) its original application was also to solve economic problems. While researchers continually demonstrate the value of these methods in applied domains, one domain where adoption is systematically limp is in public policy making (Amanuma et al., 2024; Gamper & Turcanu, 2007; Kurth et al., 2017; Long, 2025). At the same time, published documentation from various government departments refer to MCDA and MOO methods as gold standards for finding policy solutions and supporting collaborative policy decision-making. This is in fact validated by a hundred years of evidence. Why there is a consistent lack of motivation to embed methods for good decision-making that originate from the exact problems discussed here should be a mystery worth solving. 
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